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VQA Dataset

Disclosure # Grounding: Models may
We create a new VQA dataset from 1,000 export-annotated chest X-ray images. A acknowledge influence (attribution)

board-certified radiologist authored 32 clinically relevant questions covering

findings, device placement, spatial relations, and bilateral comparisons. Answers without truly integrating evidence; explicit

are inferred deterministically from structured annotations. We introduce the

following question types: checks are needed.

* Binary questions (e.g., “Is there evidence of pulmonary congestion?”) test
detection and susceptibility to misleading cues.

« Ordinal questions (e.g., “What is the severity of right pleural effusion?”) Textual Cues Dominate: Text-based
' it di d tainty handling. i . .
require severity grading and uncertainty handling orompts shift explanatlons more than

* Comparative questions (e.g., “Which side shows more severe pulmonary

opacities?”) probe bilateral evidence integration. visual cues, so standardized prompting IS

* Spatial questions (e.g., “What is the position of the central venous . o ] .
catheter?”) evaluate localization and anatomical grounding. crucilal for clinical rellablllty.
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